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ABSTRACT

The forest’s biodiversity consists of relations between trees, animals,
the environment, and surrounding communities. Their existence
required a certain balance both in number and composition. The
diversity of the element itself creates a chain that connects each
of the living things. Consistently, those mutual relationships are
sometimes disturbed by pressures, whether man-made pressures or
natural pressures. As a consequence of that event, the biodiversity
loses its balance and becomes vulnerable to disaster. The fact that
forest fire cases damage every living thing in the forest is becom-
ing a massive issue in forest management. In some instances, the
balance of forest biodiversity assembles an ecological resilience
essential to the forest condition in combating disturbance. This
paper reviews the biodiversity elements and their relationship to
the extent to which elements will support ecological resilience. This
is a review of 58 studies related to biodiversity balance and eco-
logical resilience. The review discovered evidence that biodiversity
components are connected and support each other. However, not
every relation contributes to ecological resilience. As a result, we
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assess several biodiversity elements that might be useful in sup-
porting ecological resilience, which are tree, environment, animal,
and community. We also provide 2 case examples case to get the
value of some biodiversity elements using a deep learning method.
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1 INTRODUCTION

The connection between forest fire and ecological resilience has
been known for a long time. The fact that forest fire damage every
living thing in the forest becoming a huge issue in forest manage-
ment. Besides, forest area has their own biodiversity composition
Certain composition of biodiversity elements will create an amount
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of resilience that will support a forest and faster its recovery. Eco-
logical resilience itself is a systematic impact of animals, trees, the
environment, and community mutual activities. The more those
variables effortlessly return to the initial condition, the higher of
resilience index they have [1], [2].

This paper relates to SILVANUS Project through European Com-
mission Funding on the Horizon 2020. The project aims to develop
an integrated technology and information platform to support the
preparedness, response, and recovery phase of the wildfire man-
agement cycle and increase human, environmental, and economic
resilience to wildfires. One of the project works is reviewing the
ecological resilience programme to evaluate the program’s impact
on biodiversity. Biodiversity, a contraction of biological diversity,
has several definitions. Biodiversity is biotic (species, genetic, and
ecosystem diversity) [3-6] and abiotic components (landscape fea-
tures, drainage systems, and climate) of ecosystems [4]. It defines as
a forest ecosystem consisting of composition, structure, and func-
tion [3], [7], [8]- Reference [3] defines the biodiversity variable at
four organization levels (regional landscape, community-ecosystem,
population-species, and genetic). Every organization consists of sev-
eral indicators grouped into composition, structure, and function
[5], [9-11]. The other literature mentions species distribution [12],
[13], [14] Structure points to the spatial array of diverse ecosystem
components such as tree structure or tree spacing, and function
refers to all ecological processes [7].

On the other hand, the biodiversity that live in the forest works
in a certain system. Furthermore, its interaction relates to ecolog-
ical resilience. Ecological resilience is the capacity of a system to
absorb stress or disturbance and recover its composition, structure,
and function [15-18]. Several stresses affecting biotic and abiotic
elements in the forest are fire, drought, and insects [19-21].

Ecological resilience consists of several concerns, which are tree,
environment, animal, and community. The first concern is the tree.
Tree resilience indicator is forest structure. Forest structure con-
sists of tree density [22], [23], [5], [7], [19], stand density [14], [15],
Diameter at Breast Height (DBH) [19], [24-26], tree population
[23], [24], [27], tree age [28], [5], [24], and tree height [5], [7], [24],
[26]. Other indicators are tree mortality [29], [19], [25], non-tree
vegetation [27], forest ecosystem type [21], [27], [30]. Reference
[31] mentioned leaf model and canopy model as indicator. The
second concern is the environment. The environment indicators
are soils [26], [27], [30],[32]. Another reference [26] mentions to-
pography, wind speed, snow load, lightning, and anthropogenic
activity as environmental indicators as well. Reference [33], [34]
also implied about wind as influence of ecological resilience. Other
indicators are temperature [35], [36] and precipitation [37] in the
forest area. The third is animals, where population becomes one of
the ecological resilience indicators [27], [38], [38]. Although it is
not mentioned in the reference [41], [42], it implies a biodiversity
indicator which is species (both animal and tree) richness. Beside
animal richness, animal population also have bigger role in increas-
ing the higher resilience index in tree variables [10]. The fourth is
the community [43], [44]. In identifying the community, several
variables need to be considered, including the level of infrastructure
development, and mobilization when forest fires occur [45], [46]
. The following variable is government policy which is important
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to forest protection (also fire protection of forests) if it is imple-
mented comprehensively [47-49]. The next variable is community
empowerment [50], [51]. This variable is essential for the forest fire
mitigation strategy by increasing public awareness and its role in
fire and land prevention [50], [52]. The last component that needs
to be considered is a livelihood [53]. It is related to forest conserva-
tion programs that should be linear with the community’s needs
and protect biodiversity as well [54].

Ecological aspects affect forest management; thus, calculating
and estimating biodiversity becomes a tool for developing man-
agement strategies. The biodiversity reflects the forest’s variability.
The number of each species and its richness in a forest indicates
whether an improvement occurred during forest monitoring or not
[55].

2 METHODS

This research employs a literature review of papers related to bio-
diversity and ecological resilience. Keywords “biodiversity” and
“ecological resilience” were used to search the papers. Sorted from
241 papers published from 1973 to 2022, we found 58 related pa-
pers. However, we did not cite all of those papers in this paper.
An in-depth analysis was conducted to form the most suitable bio-
diversity measurement that influences ecological resilience. The
analysis started with classifying the biodiversity component into
tree, environment, animal, and community papers. The biodiver-
sity components selection process was choosing which part of the
biodiversity supports the ecological resilience as a whole.

Secondly, we propose a computer vision based integrated mobile
application to capture some of biodiversity. We utilize a VGG 16
architecture to model the variation of the leaf and butterfly as a
proof of concept. Some of the biodiversity are correlated with visual
clues, while some parameters might not be able to detect. We also
consider crowd sourcing data to collect biodiversity by using mobile
application to improve community engagement in monitoring the
forest and environment in general.

The steps in this research are: 1) Defining Biodiversity and Eco-
logical Resilience, 2) Selecting biodiversity variables with visual
cues, 3) Define dataset, 4) Training and evaluating the deep learn-
ing framework for the model, 5) Implementing a model mobile
application for the citizen to capture the picture from the forest.

Currently, we use the publicly available datasets to train our
deep learning framework. They are leaf dataset [56] and butterfly
dataset [57]. The detail of the datasets is explained in Th1.

As we can see in table 1, the number training size in butterfly
much more than leaf dataset. Due to the lack of dataset size, the
testing and validation data for leaf dataset are 25% for each class.
It will lead to a risk of low performance classification. Butterfly
dataset on the other side, has enough data size and therefore we can
expect well performance model. Moreover, the number of testing
and validation size compared to the training size are very small
and it will help the model to build a good pattern to represent the
variation of input.

In this research, we propose a transfer learning of VGG 16 [58].
Head replacement carried to fit to the problem with the number of
class target. We retrain all layer with the dataset for fine tuning. The
best model for each dataset is saved and implemented in the server
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Table 1: Dataset Composition

Dataset Class Image Size Training Size Validation Testing
Butterfly 75 224 x 224 pixel 9.285 375 375
Leaf 40 720 x 960 pixel 178 133 133

to provide recognition service for the mobile application. Prior to
the implementation to provides service to mobile application an
evaluation carried out to the models. Researchers adopt accuracy,
precision, recall and F1-score to evaluate the performance of the
classifier. In current state of the research, we provide a prototype of
end user mobile application. The mobile application will consume
the web service for butterfly and tree recognition based on its leaf.

3 RESULT

Forest area tends to have a rich biodiversity, consisting of the tree,
animal, and the environment. Each individual plays an important
role in the forest ecosystem. Their activities form a forest system
in a certain way. For instance, the food chain and individual habits
form their mechanism. However, not all of the element’s existence
has a good impact on supporting forest sustainability. Some of them
reduce the stability of the forest, resulting in resilience loss.

3.1 Biodiversity Element

Key elements of environment are abiotic, biotic, and culture. The
abiotic environment elements that give important value to the biodi-
versity are soil, climate, weather, temperature, annual precipitation
and wind condition. The biotic environment consists of tree, animal
and community. Tree is an important element of the forest which
could increase forest resilience if fires occur in the future [59]. On
the other hand, tree is beneficial as carbon storage and species
habitat [60]. Furthermore, the sustainability of a forest requires tree
support. There are several indicators of tree to increase ecological
resilience from fires. The indicators are tree density, tree population,
non-tree vegetation, mortality rate/burned tree, and forest type.
The biotic environment consist of tree, animal and community. Tree
is an important element of the forest which could increase forest
resilience if fires occur in the future [59]. On the other hand, tree is
beneficial as carbon storage and species habitat [60]. Furthermore,
the sustainability of a forest requires tree support. There are several
indicators of tree to increase ecological resilience from fires. The
indicators are tree density, tree population, non-tree vegetation,
mortality rate/burned tree, and forest type.

Forest becomes the habitat of millions of species of animals. They
eat, sleep, and basically living in the forest forming its own ecosys-
tem. That is why the ecological structure and dynamic basically
ruled by animals and plants [10]. When the forest is structed by the
wildfire, the disturbance of the forest is getting intense. Damaging
the ecosystem, including small to large animals. The important
elements from animal are animal richness, animal population and
the mortality rate.

Community involvement is vital to maintain the continuity of
production and productivity of an ecosystem in meeting the needs
of active communities in the system. A researcher stated that the
community plays an essential role in maintaining the survival of
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an ecosystem to achieve ecological resilience. A community with
ecological resilience shows a strong attachment (cohesiveness) in
disturbance conditions but can absorb the disturbance and adjust
after the trouble is gone [61]. Based on literature studies related to
the community’s position in supporting ecological resilience, four
supporting factors need to be identified to determine the extent to
which the community can help achieve ecological resilience. The
four factors are infrastructure development, government policies,
community empowerment, and livelihoods. Fig 1 illustrates the
biodiversity components that contribute to ecological resilience as
the first result of this study.

3.2 Biodiversity Component with visual Clue

As seen in figure 1, there are some biodiversity parameters. Some
of the parameters are visually observed such as diversity, density
and population of the tree as well as animal. Tree population can
be estimated by using satellite or aerial images. While the tree
and animal diversity can be collected by ground photo. In this
research, crowdsourcing photo from the ground is collected through
mobile application. In this paper we focus on discussion of tree and
butterfly species recognition through its pictures. More complex
systems will be equipped with other classes of tree and animal.

There are six steps carried out in the application: 1) Capture the
photo, 2) Record the geolocation, 3) Send the image into server, 4)
Recognize the tree species or the butterfly species, 5) Response the
mobile application about the tree or butterfly species and ask for
user feedback, and 6) Record as the tree and animal diversity in the
certain location (geotagged).

3.3 Deep Learning Model

The application is designed to work on cloud server as the recog-
nizing machine. No recognition ability designed to work on the
edge application on the mobile devices. Mobile application takes a
role of visual data capturing and user response as well as feedback.
Publicly available dataset of leaf and butterfly are utilized to train
and evaluate the performance of the classifier.

We adopt VGG 16 deep learning architectures by importing
trained parameters in transfer learning techniques. Head replace-
ments carried out to fit the number of class target, 40 for leaf and
75 for butterfly. To adapt the parameters for the current dataset,
fully retraining carried out for all layers of the architectures. Figure
2 shows the architecture of VGG 16 adopted in this research and
head replacement on the top of the fully connected layer.

Figure 3.a shows the training accuracy and training loss during
the model development for butterfly species recognition. As we
can see the accuracy was significantly improve bot training and
validation in early training iteration (epoch). Validation accuracy
however, saturated in early iteration at about 7th. Although training
accuracy still keep improving (blue line), the validation accuracy
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Figure 3: Training accuracy and loss, validation accuracy and loss

stays at about similar value with small fluctuation under the training
accuracy. It is indicated that the classifier has achieved the best
model in early stage of training.

Figure 3.b shows the training, validation accuracy and loss. The
learning curve of the classifier shows the classifier performance
speedy improved at the early training iteration. It was slowing down
in about 15 epoch while the gap between validation and training
become wider. It shows the classifier experience an overfitting. Best
validation accuracy has achieved at 28th training epoch. The best
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achievement of the model for butterfly and leaf dataset can be seen
in Table 2.

Table 2 shows the performance of the classifier in recognizing the
species of butterfly and leaf. It shows that the classifier is working
well for the butterfly dataset and far worst on the leaf dataset.
The result is mainly caused by the composition of the dataset. To
improve the performance of the leaf recognition, additional data
need to be added to the dataset for better modeling of the classifier.
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Table 2: Classifier Performance for Each Dataset

Dataset Subset Accuracy Precision Recall f1-score
Butterfly Testing 93.3% 94.2% 93.3% 93.1%
Validation 94.1% 95.1% 94.1% 94.1%
Leaf Testing 79.7% 81.1% 79.6% 77.8%
Validation 82.7% 85.0% 82.5% 81.0%
-

[

O * 2015452

© 1k ot Konevargn i
Garera omee, Indorenia

1 _—
<l D
= Internet
Mobile Apps

Machine Learning
Server

Figure 4: Application Architectures and Mobile Application Interface

Another way to improve the performance is the data augmentation
as reported in our previous paper [62].

Although the model for leaf recognition is not satisfying with
79,7% of accuracy, it is promising result. We believe additional data
will help improving recognition rate. In the next step of the research,
we will conduct field research to collect the samples and provide
annotated dataset for various type of the forest tree and animal.
Currently, we implement the model to provide web service to the
prototype of mobile application for end user.

3.4 Mobile Application for Community Crowd
Sourcing Biodiversity Data Collection

The mobile application take a role as the edge application to col-
lect the visual data, returning classification result and gathering
feedback. Citizen engagement will be the key success factor of data
collection and therefore the mobile application will have many
other interesting features for the community such as weather in-
formation, user guidance for echo tourism, maps and many more.
Since this paper focus on the main function of the application as
the visual data collector. Figure 4 shows the entire application ar-
chitecture with the endpoint on user interface for user to capture
the visual data, feedback and shows the class of the collected im-
age. Integration with a machine learning server such as the one
described in [63] would be also possible to automatically record the
geolocation and aggregate the collected data.

4 CONCLUSIONS

Among all biodiversity components, several of them give an impact
on the return of the ecological resilience. This study eliminates those
components into definite categories: tree, environment, animal, and
community. Tree density, population, mortality rate, and forest type
have a beneficial impact on the forest’s ecological resilience. On
the other hand, environment components such as soil type, pH soil,

159

biomass, temperature, annual precipitation, and wind condition
also support biodiversity. As a member of the forest ecosystem,
animals impact their richness, population, and mortality rate. The
last variable whose activities influence ecological resilience is com-
munity. As local people who live near the forest or in the same
territory, their livelihood, policy decisions, and built infrastructure
affect the disturbance area positively or negatively.

In this paper we also identify some biodiversity component with
visual clues. There are trees and some animal. We also identify
image sources for examining biodiversity which are aerial pho-
tography, satellite images and ground image. We focus on ground
images from community through mobile application. We provide
a proof of concept, a VGG 16 based multiclass classifier for leaf
and butterfly species recognition. According to our experiments,
the size of dataset significantly affects the recognition rate and
therefore we need more annotated dataset to ensure better classifi-
cation quality. This research also provides a mobile application for
community participation in crowd sourcing biodiversity evaluation
for trees (with leaf image) and butterfly. We need to expand the
dataset to various animals such as mammals, birds, insect and many
more with enough number of samples. The fact that in one image
it may contain more than one region of interest for example it bird,
insect and leaf in the future beside image classification, we need
segmentation task to tackle those problem.

ACKNOWLEDGMENTS

This research supported by SILVANUS Project through European
Commission Funding on the Horizon 2020 call number H2020-LC-
GD-2020, project number is 101037247.

REFERENCES

[1] R.Ranjan, “What drives forest degradation in the central Himalayas? Understand-
ing the feedback dynamics between participatory forest management institutions
and the species composition of forests,” For. Policy Econ., vol. 95, no. July, pp.
85-101, 2018.



CBMI 2022, September 14-16, 2022, Graz, Austria

(2]

(3]

=

[10]
[11]

[12]

[13]

[14]

[15

[16]

(18]

[19]

[20

[21]

[22]

[23]

[24]

[25

[26]

[29]
[30]

[31]

J. P. Siry, F. W. Cubbage, K. M. Potter, K. Mcginley, and K. Mcginley, “Current
Perspectives on Sustainable Forest Management: North America Background:
Forest Sustainability,” 2018.

R. F. Noss, “Indicators for Monitoring Biodiversity: A Hierarchical Approach
on JSTOR,” 1990. [Online]. Available: https://www.jstor.org/stable/2385928. [Ac-
cessed: 26-Mar-2022].

L. R. Swingland, “Biodiversity, Definition of,” Encycl. Biodivers. Second Ed., pp.
399-410, Jan. 2013.

I. Thompson, B. Mackey, S. McNulty, and A. Mosseler, “Forest Resilience, Bio-
diversity, and Climate Change | Treesearch,” 2009. [Online]. Available: https:
/Iwww.fs.usda.gov/treesearch/pubs/36775. [Accessed: 22-Mar-2022].

E. O. Wilson, The Diversity of Life. London: Penguin Books, 1994.

J. F. Franklin et al., “Ecological characteristics of old-growth Douglas-fir forests.”
Gen. Tech. Rep. PNW-GTR-118. Portland, OR U.S. Dep. Agric. For. Serv. Pacific
Northwest Res. Station. 48 p, vol. 118, 1981.

V. H. Dale and S. C. Beyeler, “Challenges in the development and use of ecological
indicators,” Ecol. Indic., vol. 1, no. 1, pp. 3-10, Aug. 2001.

R. Cazzolla Gatti and C. Notarnicola, “A novel Multilevel Biodiversity Index (MBI)
for combined field and satellite imagery surveys,” Glob. Ecol. Conserv., vol. 13, p.
€00361, Jan. 2018.

G. Peterson, C. R. Allen, and C. S. Holling, “Ecological Resilience, Biodiversity,
and Scale,” Ecosyst. 1998 11, vol. 1, no. 1, pp. 6-18, 1998.

R. P. Powers et al., “A remote sensing approach to biodiversity assessment
and regionalization of the Canadian boreal forest:” http://dx.doi.org/10.1177/
0309133312457405, vol. 37, no. 1, pp. 36-62, Aug. 2012.

Convention on Biological Diversity, “Essential Biodiversity Variables
UNEP/CBD/SBSTTA/17/INF/7,” Montreal, Oct. 2013.

K. A. Mulatu, B. Mora, L. Kooistra, and M. Herold, “Biodiversity Monitoring in
Changing Tropical Forests: A Review of Approaches and New Opportunities,”
Remote Sens. 2017, Vol. 9, Page 1059, vol. 9, no. 10, p. 1059, Oct. 2017.

P. Vihervaara et al., “How Essential Biodiversity Variables and remote sensing
can help national biodiversity monitoring,” Glob. Ecol. Conserv., vol. 10, pp. 43-59,
Apr. 2017.

C. S. Holling, “Resilience and Stability of Ecological Systems on JSTOR,” 1973.
[Online]. Available: https://www.jstor.org/stable/2096802. [Accessed: 19-Apr-
2022].

L. H. Gunderson, “Ecological Resilience—In Theory and Application,” http://dx.
doi.org/10.1146/annurev.ecolsys.31.1.425, vol. 31, pp. 425-439, Nov. 2003.

D. A. Falk, A. C. Watts, and A. E. Thode, “Scaling Ecological Resilience,” Front.
Ecol. Evol., vol. 7, p. 275, Jul. 2019.

M. Barrette, N. Thiffault, and I. Auger, “Resilience of natural forests can jeopardize
or enhance plantation productivity,” For. Ecol. Manage., vol. 482, p. 118872, Feb.
2021.

D.F.C. de Andrade, A. R. Ruschel, G. Schwartz, J. O. P. de Carvalho, S. Humphries,
and J. R. V. Gama, “Forest resilience to fire in eastern Amazon depends on the
intensity of pre-fire disturbance,” For. Ecol. Manage., vol. 472, 2020.

S. L. Stephens et al., “Drought, Tree Mortality, and Wildfire in Forests Adapted
to Frequent Fire,” Bioscience, vol. 68, no. 2, pp. 77-88, Feb. 2018.

T. Bryant, K. Waring, A. Sanchez Meador, and J. B. Bradford, “A framework for
quantifying resilience to forest disturbance,” Front. For. Glob. Chang., vol. 2, no.
56, Sep. 2019

A.E. M. Waltz, M. T. Stoddard, E. L. Kalies, J. D. Springer, D. W. Huffman, and A.
S. Meador, “Effectiveness of fuel reduction treatments: Assessing metrics of forest
resiliency and wildfire severity after the Wallow Fire, AZ,” For. Ecol. Manage., vol.
334, pp. 43-52, Dec. 2014

T. W. Crowther et al., “Mapping tree density at a global scale,” Nature, vol. 525,
no. 7568, pp. 201-205, Sep. 2015.

M. Heym, E. Uhl, R. Moshammer, J. Dieler, K. Stimm, and H. Pretzsch, “Utilising
forest inventory data for biodiversity assessment,” Ecol. Indic., vol. 121, p. 107196,
Feb. 2021.

M. T. Stoddard et al., “Ecological restoration guided by historical reference condi-
tions can increase resilience to climate change of southwestern U.S. Ponderosa
pine forests,” For. Ecol. Manage., vol. 493, 2021.

J. Machado Nunes Romeiro, T. Eid, C. Antén-Fernandez, A. Kangas, and E. Trom-
borg, “Natural disturbances risks in European Boreal and Temperate forests and
their links to climate change — A review of modelling approaches,” For. Ecol.
Manage., vol. 509, p. 120071, Apr. 2022.

L. Nikinmaa et al., “Reviewing the Use of Resilience Concepts in Forest Sciences,”
Curr. For. Reports 2020 62, vol. 6, no. 2, pp. 61-80, Jul. 2020.

T. Devisscher, J. Spies, and V. Griess, “Time for change: Learning from community
forests to enhance the resilience of multi-value forestry in British Columbia,
Canada,” Land use policy, vol. 103, 2021.

P. M. Brando et al., “Abrupt increases in Amazonian tree mortality due to drought-
fire interactions,” PNAS, vol. 111, no. 17, pp. 6347-6352, Apr. 2014.

K. Albrich et al.,, “Simulating forest resilience: A review,” Glob. Ecol. Biogeogr., vol.
29, no. 12, pp. 2082-2096, Dec. 2020.

J. M. Fernandez-Guisuraga, S. Suérez-Seoane, and L. Calvo, “Radiative transfer
modeling to measure fire impact and forest engineering resilience at short-term,”

160

[32

[33

(34]

[35

[36

(37]

[43

[44

[45]

[46

[47

(48]

N
X2

[50

[51

[56

[57

Arief Setyanto et al.

ISPRS J. Photogramm. Remote Sens., vol. 176, pp. 30-41, 2021.

R. Datta, “To extinguish or not to extinguish: The role of forest fire in nature and
soil resilience,” Journal of King Saud University - Science, vol. 33, no. 6. 2021.

J. B. Cannon, C. J. Peterson, J. J. O’Brien, and J. S. Brewer, “A review and classi-
fication of interactions between forest disturbance from wind and fire,” Forest
Ecology and Management, vol. 406. Elsevier BV., pp. 381-390, 15-Dec-2017.

B. Buma and C. A. Wessman, “Disturbance interactions can impact resilience
mechanisms of forests,” Ecosphere, vol. 2, no. 5, May 2011.

M. Donald, “Living, Working, Playing with Water: exploring perceptions of water
in the urban environment through creative practice,” 2018.

A. Svenfelt, R. Engstrém, and M. Hgjer, “Use of explorative scenarios in environ-
mental policy-making-Evaluation of policy instruments for management of land,
water and the built environment,” Futures, vol. 42, no. 10, pp. 1166-1175, Dec.
2010.

P. Das, M. D. Behera, and P. S. Roy, “Modeling precipitation dependent forest
resilience in India,” in International Archives of the Photogrammetry, Remote
Sensing and Spatial Information Sciences - ISPRS Archives, 2018, vol. 42, no. 3, pp.
263-266.

T. H. Oliver et al,, “Biodiversity and Resilience of Ecosystem Functions,” Trends
Ecol. Evol., vol. 30, no. 11, pp. 673-684, Nov. 2015.

T. H. Oliver, N. J. B. Isaac, T. A. August, B. A. Woodcock, D. B. Roy, and J. M.
Bullock, “Declining resilience of ecosystem functions under biodiversity loss,”
Nat. Commun. 2015 61, vol. 6, no. 1, pp. 1-8, Dec. 2015.

J. W. Kim and C. Jung, “Ecological resilience of soil oribatid mite communities
after the fire disturbance,” J. Ecol. Environ., vol. 36, no. 2, pp. 117-123, 2013.

G. Reyes and D. Kneeshaw, “Ecological Resilience: Is It Ready for Operationalisa-
tion in Forest Management?,” Adv. Environ. Res., vol. 32, no. February, pp. 195-212,
2014.

Y. Zhang, Y. Yang, Z. Chen, and S. Zhang, “Multi-criteria assessment of the
resilience of ecological function areas in China with a focus on ecological restora-
tion,” Ecol. Indic., vol. 119, 2020.

J. Kapusniak and A. Majlingova, “Results of forest opening-up analysis for ground
mobile fire-fighting equipment deployment in LS Maluzina territory-Case study,”
Eur. J. Environ. Saf. Sci., vol. 2, no. 2, pp. 37-47, 2014.

K. Magis, “Community Resilience: An Indicator of Social Sustainability,” http:
//dx.doi.org/10.1080/08941920903305674, vol. 23, no. 5, pp. 401-416, May 2010.
L. Mazza et al, “Green Infrastructure Implementation and Efficiency. Fi-
nal report for the European Commission, DG Environment on Con-
tract ENV.B.2/SER/2010/0059,” Final Rep. Eur. Comm. DG Environ. Contract
ENV.B.2/SER/2010/0059, no. November, p. 288, 2011.

S. Sasanifar, A. Alijanpour, A. Banj Shafiei, J. Eshaghi Rad, M. Molaei, and H. Azadi,
“Forest protection policy: Lesson learned from Arasbaran biosphere reserve in
Northwest Iran,” Land use policy, vol. 87, no. October 2018, p. 104057, 2019.

A. Gunadi, G. Gunardi, and M. Martono, “the Law of Forest in Indonesia: Preven-
tion and Suppression of Forest Fires,” Bina Huk. Lingkung., vol. 4, no. 1, p. 113,
2019.

Luca Tacconi, “Fires in Indonesia: causes, costs and policy implications,” Fires
Indones. causes, costs policy Implic., no. 38, 2002.

F. Yuliani, “PEATLAND RESTORATION METHOD IN THE CONTEXT OF PEAT-
LAND FIRE,” vol. 4, no. 02, 2018.

W. Wiyono, R. Hidayat, and S. Oktalina, “The Community Empowerment Strat-
egy in Protected Forest Management through Community-Based Ecotourism
Development in Kalibiru Village, Kulon Progo Regency,” Habitat, vol. 31, no. 1,
pp. 11-27, 2020.

M. A. Roybal and M. H. Benson, “Journal of Natural Resources Policy Opportuni-
ties for Building Social- Ecological Resilience in New Mexico Forest Communities
Opportunities for Building Social-Ecological Resilience in New Mexico Forest
Communities,” no. January 2013, pp. 37-41.

P. A. Townsend and K. L. Masters, “Lattice-work corridors for climate change:
A conceptual framework for biodiversity conservation and social-ecological
resilience in a tropical elevational gradient,” Ecol. Soc., vol. 20, no. 2, 2015.

W. N. Adger, “Social and ecological resilience: are they related?,” 2000.

S. Kristiansen, A. Budiman, and S. Pudyatmoko, “Ecosystem Guardians, or
Threats? Livelihood Security and Nature Conservation in Maluku, Indonesia,”
Bull. Indones. Econ. Stud., no. 0, pp. 1-33, 2021.

J. Barlow, C. A. Peres, B. O. Lagan, and T. Haugaasen, “Large tree mortality and
the decline of forest biomass following Amazonian wildfires,” Ecol. Lett., vol. 6,
no. 1, pp. 6-8, Jan. 2003.

“ReadMe - leaf dataset Pedro F. B. Silva Andre R. S. Marcal Rubim Almeida da Silva
February 2014 1 Data Description The present database comprises 40 | Course
Hero”” [Online]. Available: https://www.coursehero.com/file/20926132/ReadMe/.
[Accessed: 09-May-2022].

“Butterfly Image Classification 75 species | Kaggle” [Online]. Available: https:
/[www.kaggle.com/datasets/gpiosenka/butterfly-images40- species. [Accessed:
09-May-2022].

K. Simonyan and A. Zisserman, “Very Deep Convolutional Networks for Large-
Scale Image Recognition,” 3rd Int. Conf. Learn. Represent. ICLR 2015 - Conf. Track
Proc., Sep. 2014.


https://www.jstor.org/stable/2385928
https://www.fs.usda.gov/treesearch/pubs/36775
https://www.fs.usda.gov/treesearch/pubs/36775
http://dx.doi.org/10.1177/0309133312457405
http://dx.doi.org/10.1177/0309133312457405
https://www.jstor.org/stable/2096802
http://dx.doi.org/10.1146/annurev.ecolsys.31.1.425
http://dx.doi.org/10.1146/annurev.ecolsys.31.1.425
http://dx.doi.org/10.1080/08941920903305674
http://dx.doi.org/10.1080/08941920903305674
https://www.coursehero.com/file/20926132/ReadMe/
https://www.kaggle.com/datasets/gpiosenka/butterfly-images40-species
https://www.kaggle.com/datasets/gpiosenka/butterfly-images40-species

Ecological Impact Assessment Framework for areas affected by Natural Disasters

[59] P.J.van Mantgem, J. C. B. Nesmith, M. B. Keifer, and M. Brooks, “Tree mortality
patterns following prescribed fire for Pinus and Abies across the southwestern
United States,” For. Ecol. Manage., vol. 289, pp. 463-469, Feb. 2012.

[60] J. A.Lutz, A. J. Larson, M. E. Swanson, and J. A. Freund, “Ecological importance

of large-diameter trees in a temperate mixed-conifer forest,” PLoS One, vol. 7, no.

5, May 2012.

161

CBMI 2022, September 14-16, 2022, Graz, Austria

[61] K. Suradisastra, “Membalik Kecenderungan Degradasi_Community.pdf” pp. 276—
295, 2010.

[62] K. Kusrini et al, “Data augmentation for automated pest classification in Mango
farms,” Comput. Electron. Agric., vol. 179, p. 105842, Dec. 2020.

[63] Kusrini et al., “User Evaluation of Mobile based Smart Mango Pest Identification,”
2020 8th Int. Conf. Cyber IT Serv. Manag. CITSM 2020, Oct. 2020.



	Abstract
	1 INTRODUCTION
	2 METHODS
	3 RESULT
	3.1 Biodiversity Element
	3.2 Biodiversity Component with visual Clue
	3.3 Deep Learning Model
	3.4 Mobile Application for Community Crowd Sourcing Biodiversity Data Collection

	4 CONCLUSIONS
	Acknowledgments
	References

